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Abstract 
The cerebral cortex exhibits spontaneous and sensory evoked patterns of activity during early 

development that is vital for the formation and refinement of neural circuits. Identifying the source and 

flow of this activity locally and globally is critical for understanding principles guiding self-organization 

in the developing brain. Here we use whole brain transcranial optical imaging at high spatial and 

temporal resolution to demonstrate that dynamical patterns of neuronal activity in developing mouse 

neocortex consist of spatially discrete domains that are coordinated in an age, areal, and behavior- 

dependent fashion. Ongoing cortical activity displays mirror-symmetric activation patterns across the 

cerebral hemispheres and stereotyped network architectures that are shaped during development, 

with parietal-sensorimotor subnetworks functionally connected to occipital regions through frontal-

medial cortical areas. This study provides the first broad description of population activity in the 

developing neocortex at a scope and scale that bridges the microscopic and macroscopic 

spatiotemporal resolutions provided by traditional neurophysiological and functional neuroimaging 

techniques. Mesoscale maps of cortical population dynamics within animal models will be crucial for 

future efforts to understand and treat neurodevelopmental disorders. 
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Introduction 
Neuronal activity is required for the proper morphologic and functional development of the vertebrate 

brain1,2. Early in gestation, calcium transients associated with activity modulate neuronal 

proliferation, migration, differentiation, and neurotransmitter specification1,3. In mid-gestation, 

spontaneous motor neuron activity and associated embryonic limb movements shape neuromuscular 

junction formation and the self-organization of spinal cord circuitry in a wide variety of species4,5,6. Still 

later in development, spontaneous and sensory driven activity are vital for the formation and 

refinement of neural circuits in the spinal cord, brainstem and cortex2,7,8. In humans, disrupting 

neurotransmission during fetal development results in severe brain malformations, epilepsy and 

cognitive disorders, underscoring the importance of activity for normal brain development9,10.   

It is only recently, however, that a better appreciation is emerging of the complex spatial and temporal 

patterns of persistent neural activity that exist in the perinatal brain in vivo. For example, sensory-

motor feedback associated with spontaneous movement generated by spinal motor neurons triggers 

synchronized ‘spindle-burst’ potentials among cells in somatosensory cortex before the start of 

locomotion and tactile behavior11,12. EEG recordings in humans also demonstrate spindle-burst 

oscillations and slow activity transients in the somatosensory and occipital cortices before birth13,14. 

Correlated bursts of activity in the developing rat hippocampus in vivo15,16, and spontaneous retinal 

waves that drive patterned activation of circuits throughout the visual system before the onset of 

vision17,18 are further examples of complex spatiotemporal patterned activity in the neonatal CNS in 

vivo. However, because we lack methods to assess neuronal activity at adequate temporal and 

spatial resolution, a holistic account of the dynamical patterns of persistent activity across the 

neocortex throughout neonatal development in vivo has never been undertaken. Here, we use 

genetically encoded calcium indicators and transcranial imaging to examine the emergence and 

pattern of spontaneous activity throughout the neonatal mouse neocortex at unprecedented spatial 

and temporal resolution in vivo. This work provides the first report on the dynamical nature of 

cortical activity across the developing cerebral hemispheres and its distinct and integrative 

features among brain regions during formation of cortical network architecture. 
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Results 
Ongoing neocortical activity characterized by discrete domains 
We performed transcranial optical recordings from mice expressing the genetically encoded 

calcium reporter GCaMP (GCaMP3 or GCaMP6) in cortical neurons to assess neuronal 

population activity patterns at macroscopic scale (across the entire neocortex) with 

mesoscopic spatial (10s of microns) and temporal resolution (100s of milliseconds). We 

performed this functional mesoscopic optical imaging (fMOI) in three age groups through the 

first two postnatal weeks, during which the mouse brain attains >90% of its adult weight19: P2-

P5 (N = 6 mice), P8-P9 (N = 4), and P12–13 (N = 5). 

The neocortex exhibits a characteristic modular organization across the cortical surface in 

which vertical arrays of cells, derived from the same or nearby embryonic precursors, are 

grouped together as functional columns20. Cortical columns range from 300–600 µm in 

diameter, even across species whose brain volume differs by greater than a factor of one-

thousand20. fMOI revealed that supracellular cortical activity patterns were characterized by 

discontinuous, discrete domains (Fig. 1a-c) (Supplementary Movie 1). These domains were 

active from 0.4 - 2.6 s at a time (10-90th percentiles) and ranged from 250 - 976 µm in 

diameter (Fig. 1e-h) (Table 1). The duration of cortical domain activity was not significantly 

affected by age (F = 0.933, p = 0.428) (P2–5, N = 15653; P8–9, N = 70189; P12–13, N = 

120214 domains) (Fig. 1e,f), but the diameter (F = 25.788, p = 0.000188), (Fig. 1g,h), and the 

frequency of cortical domain activations increased significantly with age (F = 29.562, p = 

8.86e–12) (P2–5, N = 22; P8–9, N = 30; P12–13, N = 38 movies/hemi) (Fig. i,j) (Table 1) 

(Supplementary Movie 2, 3). None of these measures differed significantly between the two 

hemispheres (duration: F = 0.017, p = 0.900; diameter: F = 0.192, p = 0.671808; frequency: F 

= 0.012, p = 0.911). 

It’s notable that the size of the active cortical domains is in close agreement with previous 

work showing that population activity in neonatal rat barrel cortex is synchronized among local 

groups of neurons and maps onto ontogenetic modules centered on each barrel column21,22,23. 

Indeed, we found a cortical area in primary somatosensory cortex at P2–5 where cortical 

domain activations grouped into rows and individual modules that match primary barrel cortex 

structure (Fig. 1c) (Supplementary Fig. 1). Since barrels are an archetypal model for cortical 

columns in the rodent, these results indicate that early domain activity across the developing 

cortex is related to the functional columns thought to be a fundamental processing unit of the 

cerebral cortex.  
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Table 1: Domain statistics 

 duration (s) diameter (µm) frequency 
(hemisphere-min–1) 

P2–5 0.8 (0.4) 441.12 (147.04) 30.90 (9.55) 
P8–9 0.6 (0.2) 569.78 (220.56) 98.35 (27.60) 
P12–13 0.4 (0.2) 1047.66 (367.60) 147.80 (78.65) 
Notes: Values are reported as medians (median absolute deviation) 

Cortical dynamics differs with area and age 
We examined how the spatiotemporal properties of cortical domains vary among different cortical 

areas by parcellating the brain into distinct anatomical regions using reference coordinates from a 

mouse line that expressed a tdtomato reporter in thalamocortical afferents at P7 (Fig. 1c,d, 

Supplementary Fig. 1). Patterns of thalamocortical axon terminals outline primary sensory cortical 

areas24 during mouse postnatal development. We aligned these parcellations to the Allen brain mouse 

atlas and then scaled the resulting cortical area reference coordinates to match activity maps from 

each animal containing functional boundaries for barrel cortex and visual cortex where spontaneous 

retinal waves functionally map out developing visual areas17 (Fig. 1c-e,g,i).  

Cortical domain frequency among different regions scaled as a function of net cortical area, and this 

association became stronger during the course of development (Fig. 2a). The most frequently active 

cortical regions at each age group when normalized to the total amount of cortical space were the 

limb/trunk representations in somatosensory cortex (Fig. 1i, Supplementary Fig. 2). In contrast to 

diameter and duration, the normalized frequency and amplitude of cortical domain activity was 

remarkably uniform across areas at each age of development (Supplementary Fig. 2), suggesting a 

homeostatic regulation of global activity levels. The long tails in the domain duration and diameter 

distributions at P2–5 and P8–9 (Fig. 1f,h) were largely due to retinal wave driven cortical activity in V1 

(P2–5, 37.3%; P8–9, 17.7% of all cortical domains > 5s) and wave-like activations in motor cortex (Fig. 

1e, Fig. 2b,c) (P2–5, 23.7%; P8–9, 21.8% of all domains > 5s). In contrast, the next largest areal 

contribution to long-lasting cortical domains (durations > 5s), from V1L and barrel cortex, was 

considerably smaller (P2–5: V1L, 5.6%, barrel 1.2%; P8–9: V1L, 6.7%, barrel, 7.2%). 

To further characterize domain activations across development and cortical regions, we computed a 

wave motion index, which varied significantly with age and brain area (age: F = 104.068, p = < 2e-

16; area: F = 3.848, p = 1.88e-06, two-way ANOVA). Indeed, the cortical regions with the highest 

wave motion indices were V1 and M1 at P2–5, with V1 continuing to have the highest index at P8–9 
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and then dropping to a mean motion index level similar to other cortical regions at P12–13 (Fig. 2d,e). 

At P12-13, wave motion was much less common in all areas, but interestingly a small subpopulation of 

long-lasting activations (57.5 ± 11.4 s vs 0.4 ± 0.2 for all other domains) had a high wave motion index 

(0.055 ± 0.038 vs 1.006e-04 ± 8.606e-05), with diameters approaching that of the entire hemisphere 

(6488.14 ± 18.38 µm vs 1029.28 ± 367.6 µm), but occurring very infrequently (0.033% of all domains, 

13.2% of all active pixels at P12–13, 0.1 events per hemisphere-min) (Fig. 2b-e) (Supplementary 

Movie 4). These global population events at P12-13 synchronized activity across cortical areas and 

had centers of mass that were concentrated near the middle of each hemisphere in the S1-limb/body 

area (Fig. 2d). These results show that the spatiotemporal properties of ongoing cortical activity is 

regulated in an age and areal dependent fashion and that differences in dynamical activity patterns 

may reflect unique developmental requirements for functional circuits locally and globally among brain 

regions. 

Cortical activity is coordinated with motor behavior 
We monitored animal movements simultaneously with cortical activity during our fMOI recordings to 

gain insight into the relationship between motor activity, behavioral state and cerebral cortical 

dynamics during development. General anesthesia is known to abolish spontaneous retinal wave 

activity in the visual system17,18 as well as spontaneous activity in entorhinal cortex25. We found that 

activity across the entire cortex rapidly decreased upon the administration of isoflurane anesthesia 

(Fig. 3b,c) (Supplementary Movie 5) at all ages tested (P2–5, N = 2; P8–9, N = 4; P12-13, N = 3  

animals). In young neonates (P2–P9), little cortical activity was observed within 20 min of deep 

anesthesia onset (0.37 ± 0.22 domains/hemisphere-min), while at P12–13 there was altered 

spontaneous activity patterns, with short duration, large diameter activations synchronizing multiple 

cortical regions (1.43 ± 0.41 domains/hemisphere-min; p = 0.00821 Wilcoxon Rank Sum test vs P2–9) 

(Supplementary Movie 6). Despite the rapid cessation of all cortical activity under anesthesia in 

young neonates, motor twitches continued (Fig. 3b), presumably through the autonomous activity of 

spinal motor neurons26. The continued spinal motor activity during early anesthesia and the altered 

cortical activity patterns that ensue under anesthesia at P12–13 suggests a maturational dependence 

of general anesthesia on network activity that affects brain regions differentially during development. 

Furthermore, spontaneous slow oscillations in corticothalamic networks begin during sleep and 

general anesthesia in rodent and cat near the end of the second postnatal week27,28,29—therefore it is 

likely that persistent cortical activity under deep anesthesia at P12–13 reflects lasting recurrent 

excitatory connectivity characteristic of more mature corticothalamic networks.  

In the unanaesthetized animal, the relationship between motor movements and cortical activity varied 

depending on brain area (F = 33.7975, p < 2.2e–16) and age (F = 11.1671, p = 1.627e–05, two-way 
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ANOVA) (P2–5, N = 22; P8–9, N = 30; P12–13, N = 38 movies) (Fig 3d-f). At all ages examined (P2-5, 

P8-9 and P12-13), activity in sensory cortex (S1-limb/body) was strongly correlated with movement, 

consistent with movement driven somatosensory self-stimulation30. At P2-5, activity in PPC was also 

strongly correlated with animal movement (Fig. 3e,f) but not at P12-13, suggesting the presence of 

transient input to PPC from the somatosensory periphery. Interestingly, the first age group in which 

activity in motor cortex exhibited significant positive correlation with motor movements was at P12–13 

(r = 0.062 ± 0.019, p = 0.001449, t-test) (Fig. 3e,f). Before this (P2-5 and P8-9), motor cortex activity 

was not correlated with animal movements. These results indicate that spontaneous motor twitches, 

which are typical during perinatal development5,31,32,33,34, occur independent of motor cortex activity 

and anesthesia, but are powerful drivers of activity in somatosensory cortex in the unanaesthetized 

animal. Moreover, at around P12–13—a period of time when patterned vision, hearing, and locomotor 

exploration is beginning in mice— there is a shift towards positive preceding or zero lag correlation 

between frontal cortex activity and motor movements, perhaps coinciding with the beginning of goal 

directed behavior.  

Cortical activity comprises distinct subnetworks 
The complex dynamical activity apparent in our fMOI recordings of nascent neocortical networks may 

reflect the emergence of functional circuitry, and could play a fundamental role in the development of 

intra- and inter-hemispheric connectivity35. To better understand the early activity patterns that may 

regulate cortical development and function, we examined activity correlations within and between the 

two hemispheres. Notably, mean activity in each hemisphere exhibited high temporal and spatial 

correlations across the midline (temporal, r = 0.59 ± 0.02; anterior-posterior, r = 0.43 ± 0.02; medial-

lateral, r = 0.43 ± 0.02; N = 90 movies), with the strength of these inter-hemispheric correlations 

changing with age (temporal: F = 7.801, p = 0.000765; anterior-posterior: F = 14.63, p = 3.34e-06; 

medial-lateral: F = 3.663, p = 0.0297; one-way ANOVA) (Supplementary Fig. 3). These correlations 

are readily apparent in still frames (Supplementary Fig. 3) and movies (Supplementary Movies 1-3), 

which show frequent episodes of mirror symmetric activity between the two hemispheres across the 

midline. 

 

For a more detailed analysis of the activity patterns, we computed a pairwise correlation coefficient of 

activity between all cortical areal parcellations in the two hemispheres (Fig. 4a). The matrix of activity 

correlations amongst all areas within and between the two hemispheres reveals strong, modest, and 

even negative correlations between areas. To examine the community structure among the cortical 

areas or ‘nodes’ in the pairwise association matrix, we used a hierarchical clustering algorithm based 

on the optimization of a graph modularity score, which measures the number of edges that fall within 

groups minus the number expected by chance36. The resulting community dendrogram (at P12-13) 



Ackman et al.  Mesoscale activity in neonatal cortex 

 8 

was used to order the mean correlation matrix for all age groups (Fig. 4a) (P2–5, N = 22/6; P8–9, N = 

30/4; P12–13, N = 38/5 movies/mice). This analysis revealed a network organization and a coarse 

correlational structure that was similar between animals and across development (Fig. 4a). There 

were 4 primary network modules detected at P12–13; motor-S1-face, S1-body, medial–visual, and 

auditory. Indeed the 4 network modules detected at P12–13 are obvious as clusters along the 

diagonal in the correlation matrix, which were also apparent in the earlier age groups. Remarkably, 

detection of community structure in each age group independently showed similar node memberships 

in the 3 largest modules, with developmental switches in module membership occurring for areas PPC 

and M2, two brain regions known to be integral for multimodal sensory processing and motor planning 

(Fig. 4b).  

 

Functional connectivity between cortical regions was highly dynamic across development, with both 

increases and decreases in correlation depending on brain area and age. The strongest correlations 

at each age typically occurred at symmetrical regions between the hemispheres in RSA, M1, M2, and 

T (Fig. 4a,b). In primary sensory areas such as A1, V1, and S1-barrel cortex, inter-hemispheric 

correlation was initially weak, but became strong at P12–13. At P8–9, correlations among cortical 

regions were more spread out relative to P2-5, with strong correlations becoming stronger and weak 

correlations becoming weaker. At P12–13, there were increased positive correlations among areas 

within modules and stronger negative correlations between modules. For example, visual regions 

exhibited increased negative correlations with the body-parietal subnetwork, A1 showed increased 

negative correlations with most regions, and motor-parietal areas exhibited increased intra-module 

correlations. 

We analyzed the topological properties of developing mouse cortical networks with graph theoretic 

measures used in fMRI studies of large-scale functional connectivity37. Graphs of mean functional 

connectivity illustrated decreased randomness and tighter clustering among cortical modules during 

network development (Fig. 5a). The average path length-- the mean shortest path between all node 

pairs-- changed little over the course of development (Fig. 5c) (F = 3.153, p = 0.04765, one-way 

ANOVA) and did not differ significantly from equivalent random networks at any age group. In contrast, 

the global clustering coefficient– reflecting how highly interconnected each node’s neighbors are– 

significantly increased during development (Fig. 5c) (F = 18.491, p = 2.033e-07, one-way ANOVA) 

and was significantly greater than that of equivalent random networks at all ages. The mean degree 

(number of edges per node) was higher at P12–13 (two-way ANOVA: F = 33.83, p = 5.81e-08; Tukey 

HSD: P2-5:P8-9, p = 0.0106535; P2-5:P12-13, p = 0.0000983, P8-9:P12-13, p = 0) (Supplementary 

Fig. 4) and varied significantly by area (Fig. 5b) (F = 10.30, p = 3.51e-07). Mean node strength–the 

sum of all edge weights per node– was also significantly affected by both age and area (two-way 
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ANOVA: age, F = 27.477, p = 3.87e-07; node, F = 8.957, p = 1.39e-06) and was highest at P12–13 

(Tukey HSD: P2-5:P8-9, p = 0.0105873; P2-5:P12-13, p = 0.0007400, P8-9:P12-13, p = 0.0000002). 

The five cortical areas having the highest degree and node strength at all ages were M1, M2, PPC, 

V2M, and RSA (Fig. 5b). 

We computed measures of node centrality to identify potential hubs in the cortical network. 

Betweenness centrality identifies important throughputs in a network by measuring the fraction of all 

shortest paths that pass through a node38. Betweenness centrality varied significantly by node but not 

with age (node: F = 17.320, p < 2e-16; age: F = 0.869, p = 0.42; two-way ANOVA) (Fig. 5d). In 

contrast, eigenvector centrality—which is proportional to the sum of centralities for a node’s 

connections, giving larger scores to nodes that are linked to highly connected nodes—varied 

significantly by node but also increased with age (node: F = 88.29, p < 2e-16; age: F = 6.84, p < 2e-16; 

two-way ANOVA) (Fig. 5d). High scores in both centrality measures indicate hub nodes38, which 

included M1 and M2. Deviations from betweenness-eigenvector linearity can indicate whether a node 

is potentially more important as a network throughput (higher betweenness centrality) or as a driver 

node (higher eigenvector centrality). Interestingly, V1 and V2L shifted towards larger eigenvector 

centrality at P12-13, but maintained low betweenness centrality indicating that visual cortex may be 

positioned to have greater influence on network activity around the time of eye opening through action 

as a driver node. These results indicate that greater local connectivity together with higher connection 

strengths are key features in the development of global network architecture of the cerebral cortex. 

Furthermore, the connection of occipital to parietal-sensorimotor network modules through frontal-

medial cortical hubs such as M2/cingulate, RSA, and posterior parietal cortex suggests that the 

developing mouse cerebral cortex shares key features of network topology observed in rat, primate, 

and human resting state brain networks.  

Discussion 
We have provided the first account of neuronal population activity at high spatial and temporal 

resolution across the developing cortex in vivo. Characteristic features of brain activity varied with age 

and with cortical region. At early postnatal ages (P2-5), activity in some cortical areas was wave-like, 

particularly the primary visual (V1) and motor (M1) cortices, consistent with earlier reports of waves in 

V1 originating in the retina8. Wave-like activity persisted in V1 until P8-9, but elsewhere the activity 

domains were generally more static and became more frequent with age. In contrast to classical in 

vitro calcium imaging work39, but similar to more recent functional imaging and electrophysiology 

studies in rodent21,22,23, ongoing cortical domain activity in the neonatal barrel cortex was associated 

with functional columns. Interestingly, domain activity throughout the neocortex increased in diameter 

by a factor of 2-3x during the course of the second postnatal week– an amount greater than the 1.5x 
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increase in linear growth along the medial-lateral or anterior-posterior surface of the mouse necortex 

from P3 to P13. Notably, there was spontaneous domain activity in primary auditory cortex (A1) at all 

ages studied, even before the end of the second postnatal week when hearing begins in mice. This 

indicates the presence of spontaneous activity in the auditory system, likely originating in the cochlea40, 

that may coordinate patterned activity in the developing auditory system, much as spontaneous retinal 

waves do in the visual system before onset of vision17. 

Consistent with reports of twitch-activated local field potentials (‘spindle-bursts’) in S1 and M1 during 

development12,30,41, cortical activity was coordinated with motor movements depending upon area and 

age. The high spatial resolution of our fMOI recordings showed that transient cortical domain activity 

was positively associated with motor movements primarily in somatosensory cortex and posterior 

parietal cortex (PPC) in young neonates. Throughout somatosensory cortex, activity was closely 

correlated with limb, body, and facial movements that generate sensory stimulation30. Remarkably, 

activity in motor cortex was not associated with general limb and body movements until P12-13, 

presumably because movement in young neonates is initiated in the brainstem and spinal cord, not 

motor cortex5,26,30, suggesting that ongoing activity in frontal-motor cortex might be linked to the 

development of higher order associative connections within the cerebral cortex. The PPC is a 

multimodal sensorimotor processing region important for perceptual decision making, attention, and 

movement planning in primates and memory-dependent spatial navigation and decision tasks in 

rodents42,43. The PPC receives input from sensory cortical areas, association thalamic nuclei (LD, LP), 

and retrosplenial cortex (RSA) and may influence motor planning in frontal cortex via its major axonal 

output to prefrontal cortex, secondary motor cortex (M2), striatum, superior colliculus, and LD/LP43. 

Our observation of an age dependent correlation between motor movements and the PPC may reflect 

progressive coordination of activity in PPC with sensorimotor inputs from cortex and thalamus, 

regulating varying aspects of associational connectivity at different developmental stages before the 

start of memory directed spatial navigation.  

Our fMOI recordings permitted a global network analysis of activity at unprecedented temporal and 

spatial scale across the cortex. Since the current work focused on recordings of ongoing cortical 

activity in the absence of directed sensory stimulation or task engagement, our results are comparable 

to studies of functional connectivity using resting state fMRI44 in humans or animal models. Cortical 

activity exhibited spatial and temporal features that were consistent between animals and across ages. 

Most strikingly, much of the activity was symmetrical across the two hemispheres, similar to the inter-

hemispheric resting state connectivity between homotopic cortical regions observed in human fetal45 

or infant46 resting state fMRI. Large scale brain networks share features of ‘small-world’ network 

organization47, such as short average path lengths (efficient global information transfer like a random 
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network) and high clustering among neighboring nodes (robustness to random error like a lattice 

network)37, along with the presence of high network modularity (presence of community subnetworks) 

and hubs (nodes having high degree of connections and centrality within or between communities)48,49. 

Our network analysis showed that the developing functional network in rodent cortex has a short 

average path length with high clustering and a significant small-world index50 (Supplementary Fig. 4), 

consistent with reports of small-world properties in human resting state networks at birth50,51. We found 

that the developing mouse brain network is comprised of 3-5 distinct functional modules among 

cortical areas, reminiscent of the 4 functional networks in neocortex observed with resting state fMRI 

in the fetal, infant, and adult human brain50,52,53. Furthermore, our data revealed several hub areas, 

including secondary motor cortex (M2, cingulate, mPFC), posterior parietal cortex (PPC), and 

retrosplenial cortex (RSA), that are remarkably consistent with homolgous cortical hub regions 

identified in resting state fMRI networks in human49,54 (mPFC, anterior cingulate, lateral parietal cortex, 

posterior cingulate cortex) and adult anesthetised rat55 (mPFC, cingulate, PPC, RSA). Some hub 

regions, such as M2 and PPC, shifted module memberships during development, perhaps signaling 

their importance as associative areas and connector hubs between communities, which is comparable 

to developmental changes in module membership in human resting state fMRI cortical networks48,52. 

The increasing strength of intra- and inter-hemispheric connections with age is consistent with greater 

long-range connection strength between disparate brain regions during brain development48,49. This 

work shows that properties of functional network architecture emerge and may be shaped very early in 

cortical development. Given that pathophysiological changes in functional connectivity of large scale 

brain networks is thought to be a key feature of a number of neurological disorders, including autism 

and schizophrenia56,57, extension of these fMOI methods to genetic and environmental disease models 

could help in understanding altered network dynamics that underlie neurodevelopmental disorders. 

There are several advantages of our fMOI approach for assessing cortical activity dynamics in animal 

models compared with other techniques for recording population activity in the brain. One is the 

combination of high temporal and spatial resolution relative to techniques like functional magnetic 

resonance imaging (fMRI), intrinsic signal imaging or traditional EEG and electrode recordings. A 

second advantage is that fMOI provides a relatively non-invasive method of recording ongoing 

neuronal population activity in mice transcranially, without confounds associated with anesthesia, 

compared with traditional electrode recordings, voltage-sensitive dye-, intrinsic signal-, or two-photon 

imaging based recordings. Another benefit is that the calcium dynamics imaged with fMOI provide a 

direct readout of ongoing neuronal activity, and signals can be localized by select expression of the 

genetic calcium indicator in distinct cell populations. Furthermore, the isolation of functional response 

from movement artifacts is relatively simple with fMOI in comparison to many population recording 

methods. Finally, the spatial scale of the fMOI approach surpasses that of traditional techniques, with 
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nearly complete coverage of the neocortex, enabling simultaneous recording of numerous sensory-

motor areas throughout the hemispheres. Given the notable parallels we’ve demonstrated here 

between the functional development of mouse and human cortical network architectures together with 

the broad scope and high spatiotemporal resolution of fMOI for direct recordings of neuronal activity, 

extension of this work may prove useful in understanding the nature of fMRI connectivity and its link to 

ongoing brain activity patterns. 

This study demonstrates that ongoing activity in developing cortex is not random – it is coordinated in 

space and time across the entire neocortex. These structured whole brain activity patterns may play 

key roles in the activity-dependent development of local and global circuit connectivity throughout the 

nervous system. Moreover, fMOI provides a new, non-invasive method for studying functional 

connectivity in animal models, and our results demonstrate how the functional cortical network 

architecture in developing mouse shares common fundamental features with human resting state 

networks. The simplicity and robustness of functional mesoscale optical imaging will likely be key to 

integrative assessments of altered brain activity dynamics in animal models for neurological disorders. 

Methods Summary 
Rx-Cre:GCaMP3 (Ai38) or SNAP25-GCaMP6 (Ai103) mice aged between postnatal day 2 to 13 (P2-
P13) were prepared for transcranial optical imaging as described previously17. Calcium imaging was 
performed in vivo using wide-field epifluoresence microscopy with a 1x macro objective and a 
pco.edge sCMOS camera after a 1-hour recovery period from general anesthesia. Automated image 
segmentation and calcium event detection was performed using custom, freely available MATLAB 
routines.  
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insert LSL-F2A-GFP at the endogenous stop codon, using a targeting vector containing the following 
components: 5’ arm – F3 – last ~300bp of intron 7 – exon 8 up to the endogenous stop codon – loxP – 
stop codons – PGK polyA – loxP – F2A-EGFP – WPRE – bGH polyA – AttB – pPGK – neomycin-
resistant gene – PGKpA – F5 – mRNA splice acceptor – domain 2 from the hygromycin-resistant gene 
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– SV40 polyA – AttP – 3’ arm. Targeting constructs were generated using a combination of molecular 
cloning, gene synthesis (GenScript, Piscataway, US) and Red/ET recombineering (Gene Bridges, 
Heidelberg, DE). The 129S6B6F1 ES cell line, G4, was used for the gene targeting. Correctly targeted 
neomycin resistant clones were identified by PCR, and then confirmed by Southern blot.  One ES 
clone that gave high percentage chimeras following blastocyst injection was used in a Flp 
recombinase-mediated cassette exchange (RMCE) transfection to switch the LSL-F2A-GFP 
expression unit for a T2A-GCaMP6s expression unit.  The replacement vector included: F3 – last 
~250bp of intron 7 – exon 8 up to the endogenous stop codon – T2A-GCaMP6s – WPRE – bGH polyA 
– AttB – pPGK – domain 1 from the hygromycin-resistant gene – mRNA splice donor – F5. Following 
co-transfection with a pCAG-Flpe plasmid, hygromycin resistant colonies were screened for correct 5’ 
and 3’ junctions and for lack of the original vector sequence. Correct clones were used in blastocyst 
injections to obtain germline transmission. Resulting mice were crossed to the Rosa26-PhiC31 mice 
(JAX Stock # 007743) to delete the pPGK-hygro selection marker cassette (in between the AttB and 
AttP sites), and then backcrossed to C57BL/6J mice and maintained in C57BL/6J congenic 
background.  

Surgical procedure for in vivo imaging. Mice aged P2-P13 were deeply anesthetized with 
isoflurane (2.5%) in oxygen and then placed on a heating pad set to 35ºC via a isothermic 
temperature monitor (NPI TC–20, ALA Scientific). Local anesthesia was produced by subcutaneous 
injection (0.05 ml) of 1% Xylocaine (10 mg/ml lidocaine/0.01 mg/ml epinephrine, AstraZeneca) under 
the scalp. After removal of the scalp, steel head posts were fixed to the exposed skull using 
cyanoacrylate glue. A 1 hr recovery period in the dark under continuously delivered medical oxygen 
with isoflurane at 0% was allowed after surgical preparation and the mouse was surrounded by a 
cotton ball nest. This recovery period was the typical minimum time required for spontaneous waves of 
activity to develop in the visual system after the cessation of deep anesthesia17. A red LED 
(Radioshack) and photodiode sampled at 25 kHz with a Power1401 (Cambridge Electronic Design) 
were positioned to monitor respiratory rate and limb/body movements. 

Wide field calcium imaging. A 16 bit CMOS camera (pco.edge, PCO) coupled to a Zeiss AxioZoom 
V16 microscope with 1X macro objective was used to image transcranial calcium dynamics. 
Epifluorescent illumination was provided by a DC stabilized Hg2+ light source (X-Cite, EXFO) through a 
EGFP filter cube set (Zeiss) with the minimum illumination intensity that gave detectable calcium 
signals using a exposure of 200 msec. Image frames corresponding to a field of view of 6 x 8 mm, 10 
x 12 mm, or 20 x 24 mm were acquired at a rate of 5 or 10 frames per second (200 ms or 100 ms 
frame period). Each recording consisted of a single, continuously acquired movie for 10 min. 

Calcium signal detection. Image processing and calcium signal detection was performed using 
custom software (available at http://github.com/ackman678/wholeBrainDX) written in MATLAB (The 
Mathworks, Natick, MA). The mean pixel intensity at each pixel location, F0 was subtracted and 
normalized to each frame, Ft of the movie to form a dF/F array: A = (Ft - F0)/F0. A background 
estimate was calculated and subtracted from every frame of A with a top hat filter using a disk shaped 
structuring element with radius of 620 µm. Each frame was smoothed with a Gaussian having a 
standard deviation of 56 µm and a signal intensity threshold, T was computed using Otsu’s method on 
the set of histogram of pixel intensities in A that corresponded to the set of pixels at the 99th percentile 
from the Sobel gradient transformation of A. Calcium domain signals were automatically segmented 
as contiguously connected components in space and time from the binary mask array, A > T. 
Components located outside the cortical hemisphere boundaries or having an area < 50 pixels or a 
duration of 1 frame were ignored. 

Statistical analysis. Data sets were analyzed and plotted using custom routines implemented in 
MATLAB (The Mathworks, Natick, MA) and in R (The R Project for Statistical Computing, http://www.r-
project.org) with the ggplot2 plotting library (http://ggplot2.org). Distribution means were compared 
using two-sample Student’s t-tests unless otherwise noted (Wilcoxon Rank Sum test was used for 
small, non-normally distributed data sets) or using ANOVA followed by Tukey’s HSD post-hoc test 
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when analyzing the effects of multiple grouping factors (p < 0.05 set as significance). Values are 
reported as means with the standard error of the mean or medians with the median absolute deviation 
unless otherwise noted. All boxplots report the median, the 25th and 75th percentiles as lower and 
upper box hinges (1st and 3rd quartiles), the data range as lower and upper whiskers (lowest and 
highest data values within 1.5 * IQR of the lower and upper hinge, where IQR is the difference 
between the 3rd and 1st quartiles), and outliers as individual gray points (data values beyond the 
whisker range).  

Calcium domain analysis. The mean width in the medial-lateral and height in the rostral-caudal 
dimensions of the bounding box fitted to each segmented calcium domain signal was taken to be the 
domain diameter. The number of contiguous frames (bounding box depth) for each segmented 
calcium domain was taken to be the domain duration. The mean and maximum pixel intensities from A 
within each domain were taken as the mean and maximum domain amplitudes. After functional 
parcellation of the cortical hemipsheres (Fig. 1; Supplementary Fig. 1), domains were assigned areal 
membership by intersection of the domain centroid with a cortical area’s pixel mask. The number of 
individual domains per recording within a hemisphere or cortical area was taken to be domain 
frequency.  

Wave motion analysis. Optical flow was computed using the Lucas-Kanade method on the binary 
movie array from all the segmented calcium domain masks for a recording. The motion magnitude, R 
was the velocity vector sum for each domain. The wave motion index for each domain was calculated 
as R2/D2, where D was the domain diameter. 

Motor movement analysis. A binary movie array from all the segmented calcium domain masks for a 
recording was intersected with masks representing different cortical area parcellations. The total 
number of active pixels per frame expressed as a fraction of the total number of possible pixels per 
frame for each cortical area gave active pixel fraction time courses for each cortical area in each 
recording. Movement signals acquired with the photodiode were bandpass filtered using an 8-order, 1-
20 Hz pass band elliptic filter, and then rectified and downsampled to the movie frame rate to give a 
movement time course signal that corresponded to displacements of the limbs and body excluding 
those from respiration. Cross-correlations between combinations of cortical active fraction time 
courses and the movement signal time course were computed, and the Pearson’s correlation 
coefficient at the zeroth time lag was obtained. 

Hemisphere correlation analysis. A binary movie array from all the segmented calcium domain 
masks for a recording was intersected with masks representing the cortical hemispheres. The total 
number of active pixels per frame expressed as a fraction of the total number of possible pixels per 
frame for each cortical area gave active pixel fraction time courses for each hemisphere in each 
recording. The mean, normalized medial-lateral and anterior-posterior positions for all active pixels 
within each hemisphere during coactive frames gave spatial center of mass timecourses for each 
recording. Pearson’s correlation coefficient was calculated between the active pixel fraction time 
courses and the activity center of mass time courses to give the temporal and spatial correlation for 
each movie. 

Functional connectivity analysis. A binary movie array from all the segmented calcium domain 
masks for a recording was intersected with masks representing different cortical area parcellations. 
The total number of active pixels per frame expressed as a fraction of the total number of possible 
pixels per frame for each cortical area gave active pixel fraction time courses for each cortical area in 
each recording. Correlation matrices were calculated for each recording by computing pairwise 
Pearson’s correlation coefficients, r, from the matrix containing the cortical active pixel fraction time 
courses. The mean correlation matrix for each age group was computed and then the binarized 
correlation matrix at r > 0.15 (the maximum r value where the 3 largest communities were connected 
in the graphs at all age groups) was used to form an adjacency matrix with each node representing a 
cortical area and each edge representing an association between a pair of nodes at weight, r.  
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Network analysis. Graph theoretical analyses were performed using the igraph network analysis 
software library (http://igraph.org). Community structure was detected within each functional 
association matrix using a greedy optimization algorithm that maximizes the graph modularity score to 
perform hierarchical clustering36,60, where the modularity score measures the fraction of edges within 
modules for a graph partition compared with that of a randomized equivalent network. Network graphs 
were plotted using an anatomical layout or using a force-directed graph layout61 with nodes colored by 
module membership and edges connecting nodes reflecting the edge weight, r. Node degree was the 
number of connections that link a vertex to the rest of the network. The average path length, L of a 
graph was the mean of the shortest paths (fewest number of edges) between all pairs of nodes. The 
random average path length, Lr was the mean of the shortest paths in a set of 1000 equivalent random 
networks that had the same degree sequence as the original graph. The local clustering coefficient 
was the ratio of the triangles connected to the node and the triples centered on the node, measuring 
the probability that two neighbors of a node are also connected. The global clustering coefficient, C 
was the ratio of the triangles and connected triples in the graph. The random global clustering 
coefficient, Cr was the mean of the clustering coefficients in a set of 1000 equivalent random networks 
that had the same degree sequence as the original graph. The small-world index was calculated as 
the ratio of the normalized clustering coefficient (C/Cr) and the normalized path length (L/Lr), where a 
small-world index > 1 indicates a small-world network organization50,62. Node strength was the column 
sums in the weighted adjacency matrix. Betweenness centrality scores corresponded to the fraction of 
all shortest paths that pass through a node63. Eigenvector centrality scores were the values of the first 
eigenvector of the association matrix64,65, reflecting for each node the sum of direct and indirect 
connections of every length in a network. 

References 
1. Spitzer, N. C. (2006) Electrical activity in early neuronal development. Nature 444, 707-12. 
 
2. Blankenship, A. G. & Feller, M. B. (2010) Mechanisms underlying spontaneous patterned activity 
in developing neural circuits. Nat Rev Neurosci 11, 18-29. 
 
3. Spitzer, N. C. (2012) Activity-dependent neurotransmitter respecification. Nat Rev Neurosci 13, 
94-106. 
 
4. Sanes, J. R. & Lichtman, J. W. (1999) Development of the vertebrate neuromuscular junction. 
Annu Rev Neurosci 22, 389-442. 
 
5. Petersson, P., Waldenström, A., Fåhraeus, C., & Schouenborg, J. (2003) Spontaneous muscle 
twitches during sleep guide spinal self-organization. Nature 424, 72-5. 
 
6. Marder, E. & Rehm, K. J. (2005) Development of central pattern generating circuits. Curr Opin 
Neurobiol 15, 86-93. 
 
7. Katz, L. C. & Shatz, C. J. (1996) Synaptic activity and the construction of cortical circuits. Science 
274, 1133-8. 
 
8. Ackman, J. B. & Crair, M. C. (2014) Role of emergent neural activity in visual map development. 
Curr Opin Neurobiol 24C, 166-175. 
 
9. Meador, K. J., Baker, G. A., Browning, N., Cohen, M. J., Bromley, R. L., Clayton-Smith, J., 
Kalayjian, L. A., Kanner, A., Liporace, J. D., Pennell, P. B., Privitera, M., Loring, D. W., & NEAD Study 
Group (2013) Fetal antiepileptic drug exposure and cognitive outcomes at age 6 years (NEAD study): 
a prospective observational study. Lancet Neurol 12, 244-52. 
 
10. Christensen, J., Grønborg, T. K., Sørensen, M. J., Schendel, D., Parner, E. T., Pedersen, L. H., & 



Ackman et al.  Mesoscale activity in neonatal cortex 

 16 

Vestergaard, M. (2013) Prenatal valproate exposure and risk of autism spectrum disorders and 
childhood autism. JAMA 309, 1696-703. 
 
11. Khazipov, R., Sirota, A., Leinekugel, X., Holmes, G. L., Ben-Ari, Y., & Buzsáki, G. (2004) Early 
motor activity drives spindle bursts in the developing somatosensory cortex. Nature 432, 758-61. 
 
12. Yang, J.-W., Hanganu-Opatz, I. L., Sun, J.-J., & Luhmann, H. J. (2009) Three patterns of 
oscillatory activity differentially synchronize developing neocortical networks in vivo. J Neurosci 29, 
9011-25. 
 
13. Vanhatalo, S., Palva, J. M., Andersson, S., Rivera, C., Voipio, J., & Kaila, K. (2005) Slow 
endogenous activity transients and developmental expression of K+-Cl- cotransporter 2 in the 
immature human cortex. Eur J Neurosci 22, 2799-804. 
 
14. Tolonen, M., Palva, J. M., Andersson, S., & Vanhatalo, S. (2007) Development of the 
spontaneous activity transients and ongoing cortical activity in human preterm babies. Neuroscience 
145, 997-1006. 
 
15. Leinekugel, X., Khazipov, R., Cannon, R., Hirase, H., Ben-Ari, Y., & Buzsáki, G. (2002) Correlated 
bursts of activity in the neonatal hippocampus in vivo. Science 296, 2049-52. 
 
16. Mohns, E. J. & Blumberg, M. S. (2008) Synchronous bursts of neuronal activity in the developing 
hippocampus: modulation by active sleep and association with emerging gamma and theta rhythms. J 
Neurosci 28, 10134-44. 
 
17. Ackman, J. B., Burbridge, T. J., & Crair, M. C. (2012) Retinal waves coordinate patterned activity 
throughout the developing visual system. Nature 490, 219-25. 
 
18. Colonnese, M. T. & Khazipov, R. (2010) "Slow activity transients" in infant rat visual cortex: a 
spreading synchronous oscillation patterned by retinal waves. J Neurosci 30, 4325-37. 
 
19. Kobayashi, T. (1963) Brain-to-body ratios and time of maturation of the mouse brain. Am J 
Physiol 204, 343-6. 
 
20. Mountcastle, V. B. (1997) The columnar organization of the neocortex. Brain 120 ( Pt 4), 701-22. 
 
21. Bureau, I., Shepherd, G. M. G., & Svoboda, K. (2004) Precise development of functional and 
anatomical columns in the neocortex. Neuron 42, 789-801. 
 
22. Golshani, P., Gonçalves, J. T., Khoshkhoo, S., Mostany, R., Smirnakis, S., & Portera-Cailliau, C. 
(2009) Internally mediated developmental desynchronization of neocortical network activity. J 
Neurosci 29, 10890-9. 
 
23. Yang, J.-W., An, S., Sun, J.-J., Reyes-Puerta, V., Kindler, J., Berger, T., Kilb, W., & Luhmann, H. 
J. (2012) Thalamic Network Oscillations Synchronize Ontogenetic Columns in the Newborn Rat Barrel 
Cortex. Cereb Cortex , . 
 
24. Lebrand, C., Cases, O., Adelbrecht, C., Doye, A., Alvarez, C., El Mestikawy, S., Seif, I., & Gaspar, 
P. (1996) Transient uptake and storage of serotonin in developing thalamic neurons. Neuron 17, 823-
35. 
 
25. Adelsberger, H., Garaschuk, O., & Konnerth, A. (2005) Cortical calcium waves in resting newborn 
mice. Nat Neurosci 8, 988-90. 



Ackman et al.  Mesoscale activity in neonatal cortex 

 17 

 
26. Blumberg, M. S. & Lucas, D. E. (1994) Dual mechanisms of twitching during sleep in neonatal rats. 
Behav Neurosci 108, 1196-202. 
 
27. Jouvet-Mounier, D., Astic, L., & Lacote, D. (1970) Ontogenesis of the states of sleep in rat, cat, 
and guinea pig during the first postnatal month. Dev Psychobiol 2, 216-39. 
 
28. Steriade, M., Nunez, A., & Amzica, F. (1993) Intracellular analysis of relations between the slow 
(< 1 Hz) neocortical oscillation and other sleep rhythms of the electroencephalogram. J Neurosci 13, 
3266--3283. 
 
29. Rochefort, N. L., Garaschuk, O., Milos, R.-I., Narushima, M., Marandi, N., Pichler, B., Kovalchuk, 
Y., & Konnerth, A. (2009) Sparsification of neuronal activity in the visual cortex at eye-opening. Proc 
Natl Acad Sci U S A 106, 15049-54. 
 
30. Khazipov, R., Khalilov, I., Tyzio, R., Morozova, E., Ben-Ari, Y., & Holmes, G. L. (2004) 
Developmental changes in GABAergic actions and seizure susceptibility in the rat hippocampus. Eur J 
Neurosci 19, 590-600. 
 
31. Gramsbergen, A., Schwartze, P., & Prechtl, H. F. (1970) The postnatal development of behavioral 
states in the rat. Dev Psychobiol 3, 267-80. 
 
32. Narayanan, C. H., Fox, M. W., & Hamburger, V. (1971) Prenatal development of spontaneous and 
evoked activity in the rat (Rattus norvegicus albinus). Behaviour 40, 100-34. 
 
33. de Vries, J. I., Visser, G. H., & Prechtl, H. F. (1982) The emergence of fetal behaviour. I. 
Qualitative aspects. Early Hum Dev 7, 301-22. 
 
34. Blumberg, M. S., Marques, H. G., & Iida, F. (2013) Twitching in sensorimotor development from 
sleeping rats to robots. Curr Biol 23, R532-7. 
 
35. Suárez, R., Fenlon, L. R., Marek, R., Avitan, L., Sah, P., Goodhill, G. J., & Richards, L. J. (2014) 
Balanced interhemispheric cortical activity is required for correct targeting of the corpus callosum. 
Neuron 82, 1289-98. 
 
36. Newman, M. E. J. (2004) Fast algorithm for detecting community structure in networks. Phys. Rev. 
E 69, 066133. 
 
37. Bullmore, E. & Sporns, O. (2009) Complex brain networks: graph theoretical analysis of structural 
and functional systems. Nat Rev Neurosci 10, 186-98. 
 
38. Bassett, D. S., Bullmore, E., Verchinski, B. A., Mattay, V. S., Weinberger, D. R., & Meyer-
Lindenberg, A. (2008) Hierarchical organization of human cortical networks in health and 
schizophrenia. J Neurosci 28, 9239-48. 
 
39. Yuste, R., Peinado, A., & Katz, L. C. (1992) Neuronal domains in developing neocortex. Science 
257, 665-9. 
 
40. Tritsch, N. X. & Bergles, D. E. (2010) Developmental regulation of spontaneous activity in the 
Mammalian cochlea. J Neurosci 30, 1539-50. 
 
41. An, S., Kilb, W., & Luhmann, H. J. (2014) Sensory-evoked and spontaneous gamma and spindle 
bursts in neonatal rat motor cortex. J Neurosci 34, 10870-83. 



Ackman et al.  Mesoscale activity in neonatal cortex 

 18 

 
42. Whitlock, J. R., Sutherland, R. J., Witter, M. P., Moser, M.-B., & Moser, E. I. (2008) Navigating 
from hippocampus to parietal cortex. Proc Natl Acad Sci U S A 105, 14755-62. 
 
43. Harvey, C. D., Coen, P., & Tank, D. W. (2012) Choice-specific sequences in parietal cortex during 
a virtual-navigation decision task. Nature 484, 62-8. 
 
44. Smith, S. M., Vidaurre, D., Beckmann, C. F., Glasser, M. F., Jenkinson, M., Miller, K. L., Nichols, 
T. E., Robinson, E. C., Salimi-Khorshidi, G., Woolrich, M. W., Barch, D. M., Uğurbil, K., & Van Essen, 
D. C. (2013) Functional connectomics from resting-state fMRI. Trends Cogn Sci 17, 666-82. 
 
45. Thomason, M. E., Dassanayake, M. T., Shen, S., Katkuri, Y., Alexis, M., Anderson, A. L., Yeo, L., 
Mody, S., Hernandez-Andrade, E., Hassan, S. S., Studholme, C., Jeong, J.-W., & Romero, R. (2013) 
Cross-hemispheric functional connectivity in the human fetal brain. Sci Transl Med 5, 173ra24. 
 
46. Fransson, Skiöld, Horsch, Nordell, Blennow, Lagercrantz, & Aden (2007) Resting-state networks 
in the infant brain. Proc Natl Acad Sci U S A 104, 15531–15536. 
 
47. Watts, D. J. & Strogatz, S. H. (1998) Collective dynamics of 'small-world' networks. Nature 393, 
440-2. 
 
48. Fair, D. A., Cohen, A. L., Power, J. D., Dosenbach, N. U. F., Church, J. A., Miezin, F. M., 
Schlaggar, B. L., & Petersen, S. E. (2009) Functional brain networks develop from a "local to 
distributed" organization. PLoS Comput Biol 5, e1000381. 
 
49. van den Heuvel, M. P. & Sporns, O. (2013) Network hubs in the human brain. Trends Cogn Sci 17, 
683-96. 
 
50. van den Heuvel, M. P., Kersbergen, K. J., de Reus, M. A., Keunen, K., Kahn, R. S., Groenendaal, 
F., de Vries, L. S., & Benders, M. J. N. L. (2014) The Neonatal Connectome During Preterm Brain 
Development. Cereb Cortex , . 
 
51. Fransson, P., Aden, U., Blennow, M., & Lagercrantz, H. (2011) The functional architecture of the 
infant brain as revealed by resting-state fMRI. Cereb Cortex 21, 145-54. 
 
52. Thomason, M. E., Brown, J. A., Dassanayake, M. T., Shastri, R., Marusak, H. A., Hernandez-
Andrade, E., Yeo, L., Mody, S., Berman, S., Hassan, S. S., & Romero, R. (2014) Intrinsic functional 
brain architecture derived from graph theoretical analysis in the human fetus. PLoS One 9, e94423. 
 
53. Salvador, R., Suckling, J., Coleman, M. R., Pickard, J. D., Menon, D., & Bullmore, E. (2005) 
Neurophysiological architecture of functional magnetic resonance images of human brain. Cereb 
Cortex 15, 1332-42. 
 
54. Buckner, R. L., Sepulcre, J., Talukdar, T., Krienen, F. M., Liu, H., Hedden, T., Andrews-Hanna, J. 
R., Sperling, R. A., & Johnson, K. A. (2009) Cortical hubs revealed by intrinsic functional connectivity: 
mapping, assessment of stability, and relation to Alzheimer's disease. J Neurosci 29, 1860-73. 
 
55. Lu, H., Zou, Q., Gu, H., Raichle, M. E., Stein, E. A., & Yang, Y. (2012) Rat brains also have a 
default mode network. Proc Natl Acad Sci U S A 109, 3979-84. 
 
56. Menon, V. (2011) Large-scale brain networks and psychopathology: a unifying triple network 
model. Trends Cogn Sci 15, 483-506. 
 



Ackman et al.  Mesoscale activity in neonatal cortex 

 19 

57. Rubinov, M. & Bullmore, E. (2013) Fledgling pathoconnectomics of psychiatric disorders. Trends 
Cogn Sci 17, 641-7. 
 
58. Zariwala, H. A., Borghuis, B. G., Hoogland, T. M., Madisen, L., Tian, L., De Zeeuw, C. I., Zeng, H., 
Looger, L. L., Svoboda, K., & Chen, T.-W. (2012) A Cre-dependent GCaMP3 reporter mouse for 
neuronal imaging in vivo. J Neurosci 32, 3131-41. 
 
59. Swindell, E. C., Bailey, T. J., Loosli, F., Liu, C., Amaya-Manzanares, F., Mahon, K. A., Wittbrodt, 
J., & Jamrich, M. (2006) Rx-Cre, a tool for inactivation of gene expression in the developing retina. 
Genesis 44, 361-3. 
 
60. Clauset, A., Newman, M. E. J., & Moore, C. (2004) Finding community structure in very large 
networks.  , . 
 
61. Fruchterman, T. M. J. & Reingold, E. M. (1991) Graph Drawing by Force-directed Placement. 
Software - Practice and Experience 21, 1129-1164. 
 
62. Humphries, M. D. & Gurney, K. (2008) Network 'small-world-ness': a quantitative method for 
determining canonical network equivalence. PLoS One 3, e0002051. 
 
63. Brandes, U. (2001) A Faster Algorithm for Betweenness Centrality. Journal of Mathematical 
Sociology 25, 163--177. 
 
64. Bonacich, P. (2007) Some unique properties of eigenvector centrality. Social Networks 29, 555–
564. 
 
65. Lohmann, G., Margulies, D. S., Horstmann, A., Pleger, B., Lepsien, J., Goldhahn, D., Schloegl, H., 
Stumvoll, M., Villringer, A., & Turner, R. (2010) Eigenvector centrality mapping for analyzing 
connectivity patterns in fMRI data of the human brain. PLoS One 5, e10232. 

 

 

  



Ackman et al.  Mesoscale activity in neonatal cortex 

 20 

 

Figure 1. Calcium domains throughout neonatal mouse neocortex. 
a, Experimental schematic. b, Left panel: Single image frame showing calcium domains in both 
hemispheres at postnatal day 3 (P3) and the mask of detected domain signals. Middle and right 
panels: Time projection map from a raw dF/F movie segment and the corresponding map from 
automatically detected domain masks. Notice the individual domains of activity in the area of barrel 
cortex (arrow) c, Centroid positions for segmented domain masks from a 10 min recording. Points are 
overlaid on a reference map of primary sensory areas determined by thalamocortical inputs (red 
outlines). Notice rows of whisker barrels are evident in the structure of domain centroid positions 
(arrow). d, Functional activity map at P3. Based on pixel activation frequency from all detected 
domains in a single 10 min recording. Map is overlaid on cortical areal parcellations. Notice localized 
maxima and minima of functional activity between areas that approximate known anatomical cortical 
area boundaries and the mirroring of map structure bilaterally. e, Mean domain duration maps from 3 
SNAP25-Ai103 mice. f, Histograms showing domain durations distributions in the P2–5, P8–9, and 
P12–13 age groups and by cortical hemisphere (L, R). g, Mean domain diameter maps from same 3 
mice in e. h, Histograms showing the distributions of domain diameters. i, Mean domain frequency 
maps from same 3 mice in e. j, Boxplot distributions of hemispheric domain frequencies. 
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Figure 2. Spatiotemporal properties of cortical domains. 
a, Domain frequency as function of cortical area size. b, Scatterplots of domain diameter and duration. 
c, Time projection maps of waves in motor cortex at P3, visual cortex at P5, and occipital-parietal-
frontal cortex at P13. d, Scatterplots of wave motion index as function of domain diameter. e, Mean 
wave motion index over development. 
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Figure 3. Cortical domain activity is state dependent. 
a, Experimental schematic. Red light illumination measured with a photodiode was used to monitor 
motor movements. b, Cortical activity (active pixel fraction by hemisphere) and motor movement 
signal after onset of isoflurane anesthesia at 205 s. c, Time projection maps (40 s segments) at times 
indicated in recording from b. d, Cortical activity and coincident motor movement activity signals. 
Active pixel fraction traces for motor (M1,M2), somatosensory (HL,FL,T; barrel), and visual (V1,V2) 
cortex shown at bottom of panel. e, Time projection map at P5 showing HL,FL,T and PPC activity 
coincident with motor movements. f, Mean cross-correlation functions between cortical regions and 
motor movement signals across all movies. Notice the high positive correlation between motor 
movement and S1-limb/body (HL,FL,T) signals at all ages. g, Boxplots of cortical activity and motor 
movement correlation at lag zero. 
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Figure 4. Functional architecture of developing neocortex. 
a, Group averaged correlation matrices of domain activity among cortical areas. Color map indicates 
Pearson’s r correlation coefficient values. Dendrogram and node order from community structure 
detected with hierarchical clustering in the P12–13 group. b, Map of cortical area associations for r > 
0.15. Node colors represent cortical communities detected with hierarchical clustering within each age 
group. Edge width indicates the squared connection weight (r2). Note both similarities in module 
membership and increased connection strength with age. 
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Figure 5. Dynamics of functional connectivity in developing neocortex. 
a, Graph of functional connections for r > 0.15. Node colors represent cortical communities detected 
with hierarchical clustering within each age group. b, Boxplots of degree (number of links) and node 
strength (sum of connection weights) by cortical area. The distributions become increasingly ordered 
like the P12–13 group with age. c, Boxplots of clustering coefficient and average path length by 
recording. d, Scatterplots of mean network centrality scores by cortical area. Error bars are s.e.m. 


